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Overview: 
In the study of biological, ecological, or environmental dynamical processes, many theoretical 
models have been developed but it is not common practice to estimate model parameters using 
statistical functions of observed data.  In this breakout session we will discuss methods that have 
been proposed to enable statistical inference for parameters of dynamical models such as 
ordinary differential equation, continuous-time Markov chain, and stochastic differential 
equation models.  A challenge for statisticians is to develop methods to address the issue of the 
computationally intensive or intractable likelihoods required for these problems.   One focus of 
the breakout session will needs and areas of future work in this area. 
 
The suggested readings give an overview of this area that spans from easier-to-implement to 
more complex approaches.    
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If you would like to suggest additional readings, please email Jennifer Hoeting.  


